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Abstract
The development of communication and information technology has touched the
marketing and sales industry. In recent years, there have been many market places in
Indonesia, where people buy and sell without meeting face to face. This study inves-
tigates the influence of people’s intention on the use of behavior to buy at the market
place in Indonesia. Themarket, which becomes the research object is Bukapalak. The
data were obtained using the questionnaire. This study obtained 210 respondents,
and the data were processed by the method of partial least square. There is a positive
and significant influence of behavioral intention from Bukalapak’s consumer on the
use (usage) behavior. The dominant determinant indicator in this study is the degree
of the purpose of using the market place.
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1 INTRODUCTION
This part discussed the background of this research, previous research, and research purpose. In Industry 4.0, the integration of
communication technology and information from technical processes to business processes in the industry is one of the main
ideas in Industry 4.0 [1]. One of the improvements in the use of technology is the rapid development of a product or brand [2].
Electronic commerce is the application of technology in the business process [3]. In e-commerce, the place where sellers and
buyers meet and make a transaction is called Electronic Market Place (EMs) or better known as the market place [4, 5][14,15].
Increasing product sales can depend heavily on the way the product owner markets his product. Increasing the sales number of
the product marketing process can use social media [6]. Consumers can freely choose the desired product with the many variations
offered. Andreasen [7] proposes branding on a product brand must know its brand or competitor’s product and the community
who will become consumers. One strategy in product branding is product design. The design of a product can be used to attract
consumers and change consumer behavior [8].
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The design of a product also has a direct impact on the environment. Therefore, before the product is launched into the market,
it is first made a product prototype to be tested on consumers. Turhan and Ozbek [9] investigated the influence of a store brand
on consumer behavioral intentions in Turkey’s clothing store. The analysis results indicate that when the product purchased
exceeds the buyer’s expectations; the consumer will return to the store. The approach using gender moderators showed slightly
different results in two other store brands. Convenience and payment systems influence female consumers more in determining
where they buy products than male consumers. When choosing a place to shop, male consumers are more influenced by service
when selecting items to buy.
The electronic market currently rivals traditional markets (each producer has a physical store to market products made) with
many products sold on social media and market place. At present, well-known brands in the world already have e-commerce
markets and work with marketplaces to increase product sales [10]. At the market place, consumers can only see a product’s
images without being able to touch it. This affects the level of sales and consumer loyalty, especially if the product purchased is
not satisfying the consumers [11].
The influence of consumer behavior intentions can be used for strategies in marketing products at a market place. The study
results by Zarantonello and Schimtt [12] show that consumers are divided into three, namely holistic consumers, practical con-
sumers, and hedonic consumers. Holistic consumers are most affected by their experience when choosing, buying, and using a
product, the utilitarian consumers instead. Hedonic consumers are those who focus on self’s satisfaction and are not affected by
the product. These three types of consumers influence the level of satisfaction and loyalty on brands and products marketed and
sold. Dennis et al. [13] developed a model to analyze the factors that influence e-consumers in purchasing e-shopping. The results
of these studies indicate that the intensity of electronic consumers makes purchases based on attitude and trust. The research by
Lin and Wang [4] found that the intention of mobile commerce’s consumers in Taiwan was strongly influenced by the perceived
credibility and perceived financial resources.
This study explains the effect of market place consumer behavior intentions on the use of consumer’s preferences in buying
products at a market place. Learn investigated mobile banking intention in Taiwan [5]. The investigation’s result needed to add
the additional variables to predict the usage intention. This study will explain the effect of behavior intention on user behavior.
Consumer behavior was investigated to determine the public interest in shopping at the market place in the era of Industry 4.0
in Indonesia. Consumer to consumer (C2C) is a model of e-commerce that describes the sale and purchase transaction between
two consumers (individuals) [14, 15]. One individual as a seller and the other as a buyer.
Rao’s investigation study found that perceived risks (join with EM) and expected benefits strongly influenced EM usage [16]. The
comparison of two models between the Theory of Reasoned Action (TRA) and Theory of Planned Behavior (TPB) provided
TRA just identified the opinion [17]. Still, TPB could explain detailed information about user intention. TRA and TPB deployed
attitude and subject norm. Attitude describes how people feel a behavior, and the subject norm explains the perception of users
and their groups. TPB had the third variable, which controlled the individual’s belief. TPB better than TRA when investigated
behavioral intention. Both of the research’s results did not measure the effect between behavioral intention and usage (use
behavior). This study ensures the effect of behavioral intention and uses behavior.
Mustaqim investigated the factors which influenced the behavioral intention of an e-commerce customer [18]. Mustaqim’s
research used Unified Theory Acceptance and Use Of Technology or UTAUT. UTAUT is one of user acceptance technology
framework which measures the factors user acceptance [19]. It combined several user acceptance models. The model in this study
is formed based on UTAUT. The investigation related to use (usage) behavior is substantial measurement. The previous behavior
or experience impacted the consumer’s perception and behavior in the future [20].
In this study, we used a market place with core business consumers to consumers and used Bukalapak consumers as research
subjects. The study used a questionnaire method with a random selection of consumers. Questionnaires are made using Google
Form and distributed in March to April 2019.
2 MATERIAL AND METHOD
This research used two variables from UTAUT-2. There were behavioral intention and use behavior [19]. The behavioral inten-
tion was defined as the degree to which a person formulated conscious plans to perform or not perform some specified future
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FIGURE 1 The research model.
TABLE 1 Variable operational.
Research Variables Indicators Research Items
Behavioral Intention (BI) Intention (BI.1) Intention to shop at the market placeThe purpose of using (BI.2) Use market place to fulfill daily needs
Use Behavior (UB) Shopping frequency (UB.1) To Shop more than five times a month
behavior [21]. Venkatesh formed the indicators of behavioral intention from three items. There are 1) intend to use the system in
the next; 2) predict to use the system in the next; 3) plan to use the system in the next.
In this research, the behavioral intention had two research indicators: the measurement of the degree of consumers’ intention to
shop at the market place (BI.1) and the degree of the purpose of using the market place to meet the daily needs of consumers
(BI.2). Predict to use and plan to use on Venkatesh’s indicator is combined to become indicators and is named purpose to use.
Use (usage) behavior is an action to use technology [22]. It can be formed by the frequency to use the technology. In this research,
use (usage) behavior is measured by frequency to use the market place.
Figure 1 above is the Behavioral intention as an independent variable. Use behavior is called the dependent variable because the
value depends on behavioral intention’s measurement. The indicators used in this research are reflective indicators noted with
an arrow going out from the latten variable. Reflective indicators are defined as an indicator which becomes a causal indicator
on a latten variable. It means that delete one indicator on a latten variable will not change the variable definition. Table 1 shows
the variable operation [18, 23, 24]. The used behavior has one indicator: the market place (UB.1) of consumer shopping frequency.
Figure 1, BI.1, BI2, and UB.1 each show research indicators for intention to use, shopping destination, and shopping frequency.
The research indicators BI.1 and BI.2 are measured using a Likert scale (1 to 5) where 1 = strongly disagree, 2 = disagree, 3 =
neutral, 4 = agree, 5 = strongly agree. On UB.1 research indicators, researchers used four scales to map the frequency of market
place usage, namely 1 to 2 times a month, 3 to 5 times a month, 4-6 times a month, and seven times a month. The hypothesis of
this research is formulated following as:
H0 Behavioral intention has a significant value in influencing consumer behavior in using the market place.
H1 Behavioral intention does not have a significant value in influencing the use of consumer behavior in using the market place.
In this study, the researchers used a simple random sampling method to get respondents. Simple random sampling is a technique
of taking samples from a population without specific rules or sampling [25]. This technique is quite effective for sampling large
populations and the exact unknown population. The sample target to be collected in this study comes from people in Indonesia
who have smartphones that have already installed the Bukalapak market place application.
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FIGURE 2 G-Power analysis configuration.
In this study, minimum samples were determined by G-power software [26]. The G-Power analysis configuration is shown in
Figure 2. The researchers use a partial test (T-test) with a two-tailed test. A two-tailed test is used, for we do not know the path
coefficient sign, so the two-tailed is preferred than one-tailed [27]. The effect size threshold is 0,15. It means that f2 has moderate
value when more than 0,15. The confidence interval is 0,05. The hypothesis H0 will be accepted while T-statistics more than
1,98 or P-value less than 0,025 or P-value more than 0,975 (this happened because this study uses two-tailed) [28]. H1 will be
accepted when the result is the opposite. The minimum sample size of this study base on the G-Power analysis is 89 respondents.
The questionnaires are made using Google Form. It is spread out by researchers on social media like WhatsApp, Facebook, and
Instagram. Verification of questionnaire results and hypothesis testing in this study using the PLS-SEM method and smartPLS
software. According to Geladi et al. [29], PLS is a multivariate statistical method that can simultaneously handle many response
variables and explanatory variables. PLS is a powerful and robust analysis method because it can be applied to all data scales,
does not require many assumptions, and the sample size does not have to be large.
The PLS method has two parts analysis, namely analysis of measurements / inner model and structural/outer models. The struc-
tural analysis describes the verification of the research instrument. Research verification is divided into two parts, namely, validity
test and reliability test. Validity test on smartPLS is generated with the value of outer loading, Average Variance Extracted
(AVE), and Discriminant Validity. The outer loading value illustrates the magnitude of the correlation between each measure-
ment indicator and its construct. The outer loading value must be greater than 0.7. Convergent validity checks are carried out
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FIGURE 3 Demography of gender. FIGURE 4 Demography of relationship.
through the value of Average Variance Extracted (AVE). The AVE value describes the variance or diversity of manifest vari-
ables that can be owned by latent variables. The greater the variance or diversity of manifest variables in latent constructs, the
greater the representation of the manifest variable on the latent construct and the AVE that must be greater than 0.5.
Discriminant validity describes the extent to which constructs differ from other constructs empirically or, in other words, con-
structs measure what they want to measure [29, 30]. Cronbach alpha values and composite reliability generate internal consistency
reliability checks. Cronbach alpha and composite reliability the value must be greater than 0.7. Cronbach alpha is used as a lower
limit in the measurement of contracted reliability. Composite reliability in internal consistency reliability examination means
that the research indicators define the research construct in full [31, 32].
In measurement analysis/ evaluation of inner models, the relationship between the model and latent variables is formulated. In
this analysis, the research hypothesis will be tested after the research instrument is declared valid and reliable. The final stage of
the research is carried out using structural analysis. The structural analysis value is the value of determination coefficient (R2),
path coefficient, and variable effects (f2). Hypothesis testing is carried out at the inner model evaluation stage. This study uses
two-tailed tests with a confident interval of 5%. This means that the hypothesis H0 is accepted and H1 is rejected if it has a
T-statistic value of more than 1.98 and a P-value value of more than 0.025 or P-value more than 0.975 and vice versa.
3 RESULTS AND DISCUSSION
3.1 STP Capacity
In this study, the population is Bukalapak’s consumers. This research got respondents of the Bukalapak consumers obtained 210
respondents (more than minimum samples determined by G-Power software). The respondents are the samples which are used to
measure the impact from intention consumer to use Bukalapak. In this part, the demography of research data will be discussed.
Figure 3 shows the demographics of the respondent’s gender from Bukalapak consumers. The comparison of the number of male
and female respondents is 61% compared to 31%. This result shows a phenomenon that man defeat woman as man dominates
Bukalapak’s buyer and shopping activity.
The demography of the relationship is shown in Figure 4. The number of unmarried respondents was 141 respondents; the
number of married respondents was 69, and one divorced.
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FIGURE 5 Demography of jobs. FIGURE 6 Demography of income.
The work of the Bukalapak respondents obtained in this study is quite varied and shown in Figure 5. Respondents who worked
as employees were in the first position, with 72 respondents (51%). Respondents with students’ status were 35 respondents
(17%), followed by self-employed respondents, and respondents who had jobs outside the list were 11% or 23 respondents. One
of the jobs outside the list provided in this study were wives who did not work and relied on their husbands’ income and were
actively shopping at Bukalapak. Respondents who worked as casual workers were 10% or 21 respondents, and respondents who
worked as civil servants/ military/ police were 8% or 18 respondents. This demography shows that workers who paid every
month have money to dominate the respondent. This phenomenon gives information that monthly income influences consumer
demographics.
Figure 6 shows the demography of respondent’s income. Bukalapak respondents had the most income of 1 million to 4 million
rupiahs, with 86 respondents (41%). The second place is respondents whose income between 5 million up to 10 million rupiahs
of 30% or 63 respondents. Thirty-six respondents (17%) had income below 1 million rupiahs, and 12% or 26 respondents had
income above 10 million. Most Bukalapak’s consumers are Indonesian middle class, which has an average income similar to
Indonesian average income [33].
The demography of age is shown in Figure 7. Respondents in the age range of 24 to 30 years have the largest number, with 109
respondents (52%), in the second place with 62 respondents (29%) aged 17 to 23 years. This study only received one respondent
under 17, while respondents aged over 36 years were 26 respondents (12%), and respondents aged between 31 and 35 years were
13 respondents (6%). Most of Bukalapak’s consumers are Millenials. This generation is capable of using and get the facility to
buy on Bukalapak.
The verification of the questionnaire results is shown in Tables 2 until 5. Table 2 is the result of variable validation tests involving
indicators on each variable. All indicator values in the behavior intention variable and user behavior have a value of more than
0.7. This means that all the indicators are valid. Reliable in table 2, it can be seen that the degree of the purpose of using market
place has more influence than the degree of the intention of consumers in using the market place.
In the next stage, the results of the variable diversity test are shown in table 3. The Average Variance Extracted value in table 3
shows that the latent variable intention behavior and use behavior are more than 0.5. Behavior intention has a value of 0.83 and
means that the intention behavior variable’s indicator is good enough to represent its latent variables. In the user behavior, the
variable has a value of 1 because it only has one indicator.
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FIGURE 7 Demography of age.








BI.1 0.88553263 - Valid
BI.2 0.94623729 - Valid
UB.1 - 1 Valid
TABLE 3 AVE validation.
Variable AVE Justification
Behavioral Intention 0.83976652 Valid
Use Behaviour 1 Valid
Examining construct validity with discriminant validity values in table 4 shows that each indicator value for its latent variables
is more significant than other latent variables. This indicates that there are no interchangeable indicators or misplaced indicators
used to explain latent variables.














Behavioral Intention 0.81491711 0.91281823 Reliable
Use Behaviour 1 1 Reliable
The internal consistency reliability check-in Table 5 shows that all latent variables in measurements with Cronbach alpha and
composite reliability are more than 0.7. The value of composite reliability on the latent behavior intention variable is 0.9, which
means that the latent variable’s indicator is good enough to define the latent variable.
The coefficient determination is shown in Table 6. It will define the model fit. The research model formed in this study to measure
user behavior of Bukalapak consumers only represents 12% in explaining the factors that influence consumers to continue
shopping at Bukalapak while 88% of other factors are outside of this study.
This is also reinforced by the value of f2 of 0.023, which means that the model made is not acceptable to describe the factors
that influence consumers’ attitudes to continue shopping at Bukalapak.
The hypothesis examination result is shown in Table 8. We also identified the positive influence of the latent behavioral intention
variable in influencing the use of behaviors of Bukalapak consumers. This positive influence is followed by the effect of a
Giandi et al. 165












TABLE 8 Significance of variable.
Variable Connection Path coefficient T-statistic P-value Justification
Behavioural Intention→ Use Behaviour 0.34486386 5.60836574 0.0000000338514 Significant
FIGURE 8 Path coefficient result from each indicator.
significant behavioral intention to use behavior. The value can see this of T-statistics, which is more than 1.98, and the P-value
is less than 0.025. Therefore the hypothesis H0 is accepted, and H1 is rejected. The result shows that behavioral intention has
significant value in influencing the usage behavior of Bukalapak’s consumer.
Figure 8 shows that the dominant indicator is the second indicator, which has value 73.660 and 26.137 for the first indicator.
The second indicator shows the degree of the purpose of using the market place to meet the daily needs of consumers. The result
indicates that Bukalapak’s consumers use (shop on) Bukalapak for fulfilling their daily needs than use Bukalapak continuously.
The phenomena occur because most respondents of this research are millennials, and they have opportunities behavior when
buying an item [23]. Millennials also have the experience to use new technology like the electronic market place [34]. Bukalapak’s
consumer income equal to the income of Indonesian makes it selective in choosing the goods. Stockdale and Standing [35]
examined the prospective market place on small to medium firms (SME). They found that many firms used the market place to
injected the market quickly and decreased marketing costs. This phenomenon follows the vagueness of Business to Consumers’
core business and Consumer to Consumer core business. A market place sells their product in another market place.
4 CONCLUSION
Behavior intention has a positive and significant influence on the use of behavior of Bukalapak consumers. Positive and sig-
nificant effects indicate that Bukalapak consumers still intend to shop at Bukalapak. This positive and significant influence can
be interpreted that the existence of a market place in Indonesia, especially Bukalapak, is still in demand by Indonesia’s people.
These are known based on the behavior intention variable, which has a formation of the degree of consumer intention in using
166 Giandi et al.
the market place. It is more significant in establishing the use behavior variable than the purpose of using the market place to
meet consumers’ daily needs. This means there is a need for consumers to shop at Bukalapak.
Bukalapak can have its product and sell it not only on Bukalapak apps but also in another market place without changing its
brand. This study shows that the majority of Indonesian people are the millennial generation who are technology literate. The
generation is mostly college graduates and at least high school. This socially constitutes a significant middle class in society.
Reported to bisnis.com [36] eCommerce Regional Commercial Director JC Chen said that Indonesia, with a large middle class,
is an attractive and promising market.
This study focuses on the influence of behavioral intention on user behavior. The development of further research models can
develop marketing strategies of Bukalapak by adding variable performance expectancy and social influence
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